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IV. List of acronyms 

 
Adam: Adaptive Moment Estimation 

AGI: Artificial General Intelligence 

AI: Artificial Intelligence 

AMF: Annual Maintenance Fee 

ANAB: ANSI National Accreditation Board 

ANNs: Artificial Neural Networks 

API: Application Programming Interface 

ARIMA: Autoregressive Integrated Moving Average 

AutoML: Automated Machine Learning 

BART: Bidirectional and Auto-Regressive Transformer 

BEC: Business Email Compromise 

BERT: Bidirectional Encoder Representations from Transformers 

BiLSTM: Bidirectional Long Short-Term Memory 

BoW: Bag of Words 

CAIP: Certified Artificial Intelligence Professional 

CBOW: Continuous Bag of Words 

CCPA: California Consumer Privacy Act  

CI/CD: Continuous Integration and Continuous Delivery/Deployment 

CMMC: Cybersecurity Maturity Model Certification 

CNN: Convolutional Neural Networks 

CoT: Chain-of-Thought 

CPD: Continuing Professional Development 

CPU: Central Processing Unit 

CRF: Conditional Random Fields 

DBSCAN: Density-Based Spatial Clustering of Applications with Noise  

DP: Deep Learning 

DSRPAI: Dartmouth Summer Research Project on Artificial Intelligence 

EDA: Exploratory Data Analysis 

FDA: Food and Drug Administration 

FN: False Negative  

FNN: Feed-Forward Neural Network 

FP: False Positive  

FTC: Federal Trade Comission 

GAN: Generative Adversarial Network 

GDPR: General Data Protection Regulation 

GloVe: Global Vectors for Word Representation 

GPT: Generative Pre-trained Transformer 

GPT-2: Generative Pre-trained Transformer 2 

GPT-3: Generative Pre-trained Transformer 3 

GPT-4: Generative Pre-trained Transformer 4 

GPU: Graphics Processing Unit 

GRU: Gated Recurrent Units 
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HCI: Human-Computer Interaction 

HMM: Hidden Markov Models 

HOG: Histogram of Oriented Gradients 

HRI: Human-robot interaction 

HTML: Hyper Text Markup Language 

IBM: International Business Machines Corporation 

IEC: International Electrotechnical Commission 

IEEE: Institute of Electrical and Electronics Engineers 

IMUs: Inertial Measurement Unit 

IQ: Intelligence Quotient 

IQR: Interquartile Range 

ISO: International Organization for Standardization 

KNN: K-Nearest Neighbors  

KPI: Key Performance Indicators 

LiDAR: Light Detection and Ranging 

LightGBM: Light Gradient-Boosting Machine 

LIME: Local Interpretable Model-agnostic Explanations 

LLM: Large Language Models 

LOOCV: Leave-One-Out Cross-Validation 

LSTM: Long Short-Term Memory 

MAE: Mean Absolute Error  

MIT: Massachusetts Institute of Technology 

ML: Machine Learning  

MLE: Maximum Likelihood Estimation  

MLP: Multilayer Perceptron 

MRI: Magnetic Resonance Imaging 

mRNA: Messenger Ribonucleic Acid  

MSE: Mean Squared Error 

NASA: National Aeronautics and Space Administration 

NER: Named Entity Recognition 

NIST: National Institute of Standards and Technology 

NLP: Natural Language Processing 

NLTK: Natural Language Toolkit  

NMT: Neural Machine Translation 

OECD: Organisation for Economic Co-operation and Development 

OWASP: Open Worldwide Application Security Project 

PCA: Principal Component Analysis 

PECB: Professional Evaluation and Certification Board 

POS: Part-of-Speech 

QA: Question Answering 

RAG: Retrieval Augmented Generation 

RBM: Restricted Boltzmann Machines 

R-CNN: Region-based Convolutional Neural Networks 

ReLU: Rectified Linear Unit 
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ResNet: Residual Network 

RFE: Recursive Feature Elimination  

RGB: Red, Green, and Blue 

RL: Reinforcement Learning 

RLHF: Reinforcement Learning from Human Feedback 

RMSE: Root Mean Square Error 

RMSProp: Root Mean Square Propagation 

RNN: Recurrent Neural Networks 

ROI: Return on Investment 

ROS: Robot Operating Systems 

ROUGE: Recall-Oriented Understudy for Gisting Evaluation 

SAS: Statistical Analysis System 

SBOM: Secure Software Bill of Materials 

SGD: Stochastic Gradient Descent 

SHAP: SHapley Additive exPlanations 

SIFT: Stop and Reflect, Investigate the Source, Find Reliable Coverage, and Trace 

the Claim 

SLAM: Simultaneous Localization and Mapping 

SMOTE: Synthetic Minority Over-sampling Technique 

SMT: Statistical Machine Translation 

SPSS: Statistical Package for Social Science 

SQL: Structured Query Language 

SSD: Single Shot Multibox Detector 

SSL: Self-Supervised Learning 

SURF: Speeded Up Robust Features 

TF-IDF: Term Frequency-Inverse Document Frequency 

TN: True Negative 

T-NLG: Turing Natural Language Generation 

TP: True Positive 

TPU: Tensor Processing Unit 

t-SNE: T-Distributed Stochastic Neighbor Embedding 

UMAP: Uniform Manifold Approximation and Projection 

UNESCO: United Nations Educational, Scientific and Cultural Organization 

USD: United States Dollar 

VAE: Variational Autoencoders 

VGGNet: Visual Geometry Group Network 

ViTs: Vision Transformers 

VQA: Visual Question Answering 

XAI: Explainable Artificial Intelligence 

XGBoost: Extreme Gradient Boosting 

XOR: Exclusive Or 

YOLO: You Only Look Once 
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